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Backpropagation ot

« Training a neural network is setting the best
weights on the inputs of each of the units

* The backpropagationprocess:
— Get a training example and calculate outputs

— Calculate the error — the difference between the
calculated and the expected (known) result

— Adjust the weights to minimize the error




ZJL, WAA
2

e, 8189507

ZEEH (RZtERIE) Momsen

=) e Mg

B T L RN 22 P 4 iy A 28 7 L% B o
6] 6 B

Sl




L ESH

Maximum_Input_Attributes
Maximum_ Output_Attributes

10

O

0
Maximum_States
Sample Size

C
C

C

en Node Ratio
out Percentage
out Seed

e, 8189507

Microsoft:

FE(RE)HRAH




e, 8189507

NN %7&‘ ,\Q% %&Mﬁw}ﬁﬂﬁﬂﬂa

 HHARBR AT A B
o o TR R AE A B 2 [B] 520 .
o 0] LB AN [ TR ) 22




e, 8189507

Microsoft:

FE(RE)HRAH

B, AR A AR L




e, 8189507

LB 38 B VA B Microsoft:

e Lift Chart
 Profit Chart
 Classification Matrix




Lift Chart

Population Correct %

Data Mining Lift Chart for Mining Structure: Lab03
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Data Mining Profit Chart for Mining Structure: Lab03
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Zolurnns of the classification matrices correspond to ackual values; rows correspond to predicted values

iZounts For Lab030T on [Bike Buyer]:

Predicted 0 {Ackual) 1 {Ackual)
0 1475 539

1 441 1273

iZounts for Lab03ME on [Bike Buyer]:

Predicted 0 {Actual) 1 {Ackual)
0 1236 6o
1 Ga0 1128

iZounts For Lab03MM on [Bike Buyer]:

Predicted 0 [Ackual) 1 {Acktual)
0 1261 =28

1 655 1254
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